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Open-ended text from consumers can be an attractive source of data for sport marketers. Marketers who can make 
use of qualitative data have the ability to listen to the voice of the customer in a way that is not possible when feedback is 
constrained to closed-ended questions (Lexalytics, 2015). Zabin and Jeffries (2008) argued that firms drawing insight 
from customer voices have a competitive advantage in that they can adjust marketing messages, brand positioning, 
product development, and other marketing activities. Yet, in an era of big data, the sheer quantity of information 
becomes an obstacle to analysis. Traditional techniques typically require manual review to extract meaning from 
open-ended responses and offer limited ability to scale beyond a relatively small number of sampled messages. 
Automated tools can overcome this impediment and permit processing a much greater quantity of data. Sentiment 
analysis, “the computational study of people’s opinions, appraisals, attitudes, and emotions” (Liu & Zhang, 2012, p. 
415), is a sub-discipline of data mining that seeks to automate the extraction of positive or negative attitudes from 
written text (Spaaij & Thiel, 2017). 
 
One challenge to using large quantities of qualitative data is the lack of structure. While sport marketers have the 
capacity to capture tremendous amounts of unstructured consumer data, the ability to analyze and interpret that data 
has not kept up (Spaaij & Thiel, 2017). Sentiment analysis represents a means to convert unstructured content, such 
as raw text, to structured forms that can be used to spot patterns within the content and generate actionable insights 
(Lexalytics, 2015). The current study sought to establish a proof-of-concept that a commercially-available automated 
sentiment analysis tool could be applied successfully to data typical of surveys conducted by sport management 
researchers and practitioners. 
 
Data 
 
Data for the current study were generated from a post-event survey following a large long-distance running event 
held in the southeast U.S. in February, 2017. Shortly after the race, event organizers distributed an online survey to 
all 16,861 participants who had provided a valid email address during the registration process. A total of 3,174 
runners completed the survey for an 18.8% response rate. In terms of race distance, 22% of runners participated in 
the marathon, 70% participated in the half marathon, and 8% participated in the 5k. A slight majority of 
respondents were male (55%) and the average age was 41.7 years (s.d. 11.0). As part of a larger series of questions 
primary focused on travel behaviors, expenditure patterns, and physical activity, survey respondents were asked 
quantitative questions about (1) their intention to return to the event the following year, (2) expected event 
recommendation behavior, and (3) a comparative evaluation of the event relative to similar events. Each of these 
three questions was followed by an open-ended text response item asking respondents the reasons why they 
answered as they did. The survey also included three Likert-style event satisfaction items from Funk, Jordan, 
Ridinger, and Kaplanidou (2011) and two additional open-ended response items inquiring about the best aspects of 
the event and how the event could be improved. 
 
Analysis and Results 
 
Microsoft Cognitive Services offers an application program interface (API) to access a suite of text analytics services 
built upon their Azure Machine Learning system (Microsoft, 2016). The sentiment analysis service accepts a piece of 
text and returns a score between 0 and 1, denoting overall sentiment in the text, where 0 indicates extremely 
negative sentiment and 1 indicates extremely positive sentiment. These scores are generated using classification 
techniques based on text features including n-grams, part-of-speech tags, and keywords. Microsoft Cognitive 
Services was selected for the current study because the sentiment analysis system can handle both English and 
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Spanish. A substantial portion of the survey data were written in Spanish, making the flexibility to handle multiple 
languages essential. 
 
Based on technical limitations of the sentiment analysis API, 1,000 survey respondents were randomly selected for 
inclusion in the current study. Sentiment analysis was conducted on text responses to all five open-ended questions, 
generating a numeric score for each response. Examples of high- and low-scoring responses are provided below: 
"Great time of year, great course and ties nicely to a vacation" (Sentiment: .981) 
"Expo was a nightmare: too crowded, not enough space, too much waiting in lines--I will not come back" 
(Sentiment: .013) 
 
Future participation intention (r = .400, p < .001), likelihood to recommend the event (r = .488, p < .001), and 
comparative evaluation (r = .389, p < .001) all exhibited moderate correlations between quantitative attitudinal 
measures and sentiment scores extracted through analysis of qualitative comments (Cohen, 1988). This suggests that 
quantitative and qualitative measures are related but distinct. Despite only moderate relationships between 
quantitative and qualitative measures, sentiment analysis in the current study still highlighted useful applications. 
Specifically, sentiment analysis can help identify consumer opinions that are critical to service delivery that might 
otherwise go unheeded, obscured by the sheer volume of data. For example, one respondent indicated a mean score 
of 6.52 (on a seven-point scale) on the three event satisfaction items, but also provided the following comment: 
“How could the marathon not provide tinfoil blankets after it was over?? This was ridiculous and my MAIN reason 
that I was upset with anything. My mother and i ran the marathon and were FREEZING and SHAKING after 
because of no wraps. Unacceptable!!!” (Sentiment: .143) 
 
An event organizer using only traditional quantitative data likely would be relatively pleased with this participant’s 
reported event satisfaction; yet clearly there is an issue that must be addressed for future events. Sentiment analysis 
can help recognize such cases. 
 
Discussion and Implications 
 
The current study investigated the use of an automated sentiment analysis system to process qualitative data from a 
post-event survey. Moderate correlations between extracted sentiments and responses to corresponding quantitative 
items indicate that patterns of responses are consistent across measure type, however scores are not perfectly 
interchangeable. This study demonstrated that sentiment analysis may offer a useful approach to managing large 
quantities of unstructured text data. As illustrated by the third example, sentiment analysis can help identify places 
where quantitative data may inaccurately reflect consumers’ true opinions, aiding sport marketers in better 
responding to consumers. A disconnect between consumers’ responses to quantitative satisfaction measures and 
their actual attitudes might explain weak empirical relationships between satisfaction and consumption behavior 
(Voss, Godfrey, & Seiders, 2010). 
 
At present, it is not clear how best to ensure sport marketing researchers and practitioners have access to emerging 
technical tools such as sentiment analyzers. While tools available for managing and analyzing big data are becoming 
more powerful, their use requires technical expertise not typically possessed by sport management researchers (Rein 
& Memmert, 2016). There is a real and pressing need in the industry for the ability to process large volumes of raw 
text and extract meaning that can provide insight into consumers’ attitudes toward products and services (Liu & 
Zhang, 2012). Further discussion of available tools and how their functionality can be integrated into sport 
marketing research without requiring a high level of technical sophistication or know-how will be incorporated into 
the presentation. 


